Precision / Recall Curves
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Review: Precision, Recall

Receiver Operating Characteristic
(ROC) Curves

* Alternative to precision/recall curves

* Shows tradeofT between true positive rate and false
positive rate.

True positive rate = TP/(TP + FN)  (“sensitivity”)
False positive rate = FP/(TN + FP) (11— “specificity”)
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Precision

Precision/Recall versus ROC curves
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ROC curve shape is insensitive to “operating conditions”,
1.e., to balance between positive and negative instances or
cost of misclassification.
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Area under ROC curve (AUC)
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e Summary statistic: Area under ROC curve (AUC) =
probability that classifier will rank a randomly chosen
positive instance higher than a randomly chosen negative
instance.

« AUC is always between 0 and 1.




